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THIS IS
WEIRD
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ChatGPT Statistics 2025: Top Picks

e As of Auaust 2025 ChatGPT has close to 800 million weeklv active users.
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She Is in Love With ChatGPT

A 28-year-old woman with a busy social life spends hours on end
PEOPLE ARELOSING LOVED ONESTO A

WEIRD

¢ FUELEDSPIRITUAL FANTASIES
=
S
%Da Self-styled prophets are claiming they have “awakened” chatbots
k- and accessed the secrets of the universe through ChatGPT
Ty
@ By MILES KLEE
MAY 4, 2025
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Humanity 1s
made out of

® (Conversation is how the individual
A BI enters society
® Conversation is how society enters
the individual
® (Conversation is how inviduals relate

(potentially) ® (Conversation is how individuals make
society
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This Talk

® Intro
® Part I: What is assertion’?

® Part II: Unnatural
Interfaces for Unreal

Speakers

® Part III: Theoretical &
Computational Models /
SAM & clem
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This Community

® Intro
® Part I: What is assertion’?

® Part II: Unnatural
Interfaces for Unreal

Speakers

® Part III: Theoretical &
Computational Models /
SAM & clem
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Linguistics

Amfnc:ol . U Fp—— ———- Ant fopology

Intelligence /
\ . (Gardner, 1985)

Neuroscience

Conneclions among the Cognifive Sciences

Ksy: Unbroken lines = strong interdisciplinary ties
Broken lines = weak interdisciplinary ties



This Community

Using the formal tools of
philosophical logic to provide
linguistic analyses of conversational
phenomena, with an eye on the
implementability in computational
systems.

Philosophy

computational
/
models /

Linguistics
. /
theoretical model Artificial N\ o —
l Intelligence
2

computational model interactive system\ /
l ? , (Gardner, 1985)

Neuroscience
Interactive system Connections among the Cognifive Sciences

Ksy: Unbroken lines = strong interdisciplinary ties
Broken lines = weak interdisciplinary ties
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This Talk

® Intro

e Part I: What is assertion’?
Our tools are useful for understanding the current situation

® Part II: Unnatural
Interfaces for Unreal

Speakers

iInteractive systems = computational models * friction_coefficient

® Part III: Theoretical &
Computational Models /
SAM & clem

model; guides investigation of modelc ; modelc provides learnability arguments
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This Talk

e Part I: What is assertion’?
Our tools are useful for understanding the current situation

Norm Participation Grounds Language

(Schlangen 2022)

David Schlangen
CoLabPotsdam / Computational Linguistics
Department of Linguistics. University of Potsdam, Germany
david.schlangen@uni-potsdam.de

Abstract associated with nature and growth.”
T'his of course 1s a profoundly unfair test. The
p=r "The striking recent advances in eliciting seem- modcl has no conncction to you other than through

potsdam | Dep: inelv meanineful lancuace behaviour from what vou tvoe. and so can’'t observe whart “these”



The Puzzle

The puzzle: By now, interactions with AI-chatbots can very much fee/ /ike

conversations. But at the same time, there is something weird about them.
(Allegedly, pass Turing test, Jones & Bergen {2025D

Some responses:

e “No meaning”

® “meaning can’t be learned from linguistic form alone” (Bender &
Koller 2020)

® “this isn’t meaning or understanding”, “synthetic text extruding
machines”,; “looks like communicative language, but without any
intent or thinking mind behind it” (Bender & Hanna 20254, p. 30)

e “bullshit {= disregard for truth}” (e.g., Liang et a/. 2025, inter alia)

Bglt%gam| Department Linguistics | Universitat Potsdam | David Schlangen
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The Puzzle

The puzzle: By now, interactions with Al-chatbots can very much fee/ /ike

conversations. But at the same time, there is something weird about them.
(Allegedly, pass Turing test, Jones & Bergen {2025}

The approach taken here:

® Rather than address unclear notions like “meaning” and
“understanding” directly, look at the effectiveness of the machine
utterances as speech acts.

® As example: assertion . How does human assertion work; and does
machine assertion ( assertion’) work the same way?

® Result: Chatbots are only able to produce /loose talk.
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The Argument

assertion requires personhood

LLMs do not possess personhood

therefore, LLMs do not assert

assertion requires personhood

LLMs assert

therefore, LLLMs possess personhood
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Bielefeld does not exist.
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| assert that p

=

)
@
knowledge from testimony
epistemic
=

buck-passing susceptibility
(Goldberg 2015) to challenge
(Goldberg 2015)

9
S
W/
direct knowledge @
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|, person A, believe that p, and
have good reasons to do so.




| assert that p

Falsely entering a commitment
(here: asserting something you
do not have good reasons to
believe) has consequences.

(What these are depends on
context; can range from
causing mild annoyance to
loosing status to loosing
freedom.)

If it cannot have consequences
when broken, it’s not a
commitment.

|, person A, believe that p, and

commitment
have good reasons to do so.
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(Levinson 1983) An assertion that p is a function from a context where
the speaker S is not committed to p [...} into a context in which S is
committed to the justified true belief that p.

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen 19



colab

potsdam

(Levinson 1983) An assertion that p is a function from a context where
the speaker S is not committed to p [...} into a context in which S is
committed to the justified true belief that p.

(Brandom 1994) to treat a performance as an
assertion is to treat it as the undertaking or acknowledging of a certain
kind of commitment

normative, more specifically deontic, statuses
creatures of the practical attitudes of the members of a
linguistic community—they are instituted by practices governing the

taking and treating of individuals as committed.

(Williamson 2000) (The warrant rule) One must: assert p only if one

has warrant to assertp.

(Goldberg 2015) MMENA It is mutually manifest to participants in a
speech exchange that assertion has a robustly epistemic norm; that is,
that one must: assert that p only if E(one, {pD

| Department Linguistics | Universitat Potsdam | David Schlangen
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The Argument

commitment
assertion requires
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human person
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.g - perishable, irrecoverable
:g_i beliefs, desires, intentions
S itheoretical reason
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= practical reason
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. O iaesthetic sense
relational self-image
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individual, able to make free use of their developed capabilities

(e.g., Quante 2012)

Bglt%gam| Department Linguistics | Universitat Potsdam | David Schlangen



human person LLM chatbot
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- -2 i-individually instantiated type/token confusion
"""""""""" 0
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""" (/)O
.g - perishable, irrecoverable : recoverable, backupable
:g_i beliefs, desires, intentions can produce BDI expr.
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individual, able to make free use of their developed capabilities

(e.g., Quante 2012)
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human person LLM chatbot

...........................................................................................................................................................................................................................

c embodled virtual
2 - individually instantiated type/token confusion
_____________________ S0 et A8t s .06t oothfthhttndf S
9 - persistent, self- malntalned externally maintained
______ s B
.g - perishable, irrecoverable recoverable backupable
""" “’||s|||||:|:|
""" No matter how good the behavioural model, there is a remainder that
------ separates the model from the modelled:
...... The behaviour of a person is produced by an individual that has reasons |-
______ to care for itself, and that hence is sanctionable.
‘relational self-image - |
_c i skills} =
--------- T
iy *QE:1 .% > traits, dispositions: persona prompt
""""" >GLJ: >
T a 03 C world view”
--------- O 0 |
O boX ”
: O virtue alignment” training
© § free owned
S s S —
SHR7 rights and obligations /

individual, able to make free use of their developed capabilities

(e.g., Quante 2012)
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The Conclusion

assertion requires personhood

LLMs do not possess personhood

potsdam

therefore, LLMs do not assert

assertion: has doxastic effect, that comes with a justified
entitlement grounded in the speaker’s commitment

assertion’- can have doxastic effect, which however the hearer isn’t
entitled to, as the act does not have enforceable eftfect on speaker

The weirdness comes from the tension between the appearance of
assertion, with vague awareness of it being assertion’.

The model/reality clash.

| Department Linguistics | Universitat Potsdam | David Schlangen



What'’s the problem?

® Suggesting something is assertion when it is assertion’ is bad
because it leaves people holding the buck when they don’t
expect it; in effect, it dilutes the societal body of knowledge

® This can even be done on purpose and at scale by malicious actors.

® Suggesting personhood when there is none leaves people in
danger of forming unreal relationships in place of real ones

® See recent reports of chatbots reinforcing suicidal ideations.

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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What is being / can be done?

® Make more person-like:

¢ make models identifiable (“Claude”), and suffer
consequences (“if Claude gives bad replies, I stop using it /
it will be retrained”).

®* Some semblance of accountability, but only in aggregate.

®* make the chatbot a “legal person”.

® Legal personhood bottoms out in (natural) personal responsiblity (CEO,
etc.), even if limited. No CEO seems to be willing to do that.

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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What is being / can be done?

® Make nicer (pseudo-)person: “alignment” with “values”. More
virtuous behaviour. (Withhold information, disagree, end
conversation, etc..)

® Does not address relational problem.

® Make challenges unnecessary, increase accuracy to 95+%

® Works only for trivia facts. In most domains, knowledge doesn’t work like
that.

e Still only probabilistic connection. No guarantees.

e Explicitly pass the buck: add attribution to all claims.

® Asserted attribution just as unreliable as main claim.

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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What is being / can be done?

® Make people understand difference between normal conversation and
pseudo-conversation:

® “Trust the chatbot as much as you trust a conversation in a dream.”

® “This is improv theater. The actor on stage who you’re giving prompts to is playing
someone who is talking to you.”

e Not: “ChatGPT can make errors.”

® Discharge commitments ASAP:

o “This is the correct solution” harms less in situations where the test follows soon.
(E.g., verifiable domains; situated interactions.)

® Design for non-personhood. Anti-anthropomorphism / Artificialisation

by design.

® (conversational) intelligence without implied personhood / without relationships
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The Fine Print

® MacFarlane (2010) distinguishes four types of accounts of assertion (attitudinal,
common ground, commitment, constitutive rule); the argument here works at least
with the last two.

® See (Butlin & Viebahn 2025) for an argument very much along these lines (“to be
capable of assertion, and entity must {...} be capable of being sanctioned”). But see
(Williams & Bayne 2024) for an account that classifies chatbots as “proto-asserters”.

® The argument here is a spin-off of the one in my (Schlangen 2022; “norm participation
grounds language”), which itself however has a larger scope. Roughly:

® Every mental activity (recognising, believing, saying) comes with an implicit
assertion “this is good”, which appeals to public normative standards in ways that
LLM activities do not (and cannot).

® The development of the argument here adds to that paper what could be
summarised as “norm participation is grounded in mutually recognised
personhood”.
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Part I: What we can do

® Our community can contribute
® to the analysis of the situation

® to the attempts at mitigating it (if by criticising them)
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This Talk

® Part II: Unnatural
Interfaces for Unreal
Speakers

interactive systems = computational models

(Conversational) intelligence without
implied personhood / without relationships
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* Human Factors in Computinz Systems CHI 94 » "Celebrating Interdepencence”

W CHI "92 May 3 -7, 1992

) ANTHROPOMORPHISM:
FROM ELIZA TO TERMINATOR 2

Modcrator: Abbe Don

potsdam

IN CONTEXT

3435 Clay Street #4
Al San Francisco, CA 94118
TH 415-567-8130
«tl abbe@well.sf.ca.us
fg Panelists: Susan Brennan, State University of New York at Stony Brook
<d Brenda Laurel, Telepresence Research
od Ben Shneiderman, University of Maryland
?g INTRODUCTION anthropomorphism in the interface. Lilfc any taboo,
frd simply sweeping away the issuc (assigning human

“T feel depressed.” characteristics to the computer) does not make it go away.

pPr “WHY DO YOU FEEL DEPRESSED?” The examples above highlight some of the contexts in
q Eliza, 1966 which scientists, designers and filmmakers have explored
he the implications of anthropomorphizing the human-
ur “Open the pod bay door, Hal.” machine interface. Some techiniques, such as zlking cars,

us

“ICAN'T DO THAT DAVE”
2001 A Space Odyssey, 1968

“MAN OF TIIC YEAR”
Time Magazine, 1982

“YOUR DOCR IS AJAR”
Chrysler Le Baron, 1983

have dissipated in respense to users' distaste. Others, such
as the Guides approach, need further refinement; and stll
others, like the images floating through popular culture,
warrant examination as they help us define both our
faniasies and fears about our relationship to machines,

With command line interfaces and text unly sysiems, the
effect of the anthropomorphism taboo translated as, "don't
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Mert Inan*, Anthony Sicilia®,

Dehimanizino Machines:

Better Slow than Sorry:
Introducing Positive Friction for Reliable Dialogue Systems

Suvodip Dey# , Vardhan Dongre® , Tejas Srinivasan *

Jesse Thomason * ., Gokhan Tiirf , Dilek Hakkani-Tiirf , Malihe Alikhani*
“ University of Southern California % University of Illinois Urbana-Champaign
“ Northeastearn University
{inan.m, alikhani.m}@northeastern.edu

Abstract

While theories of discourse and cognitive
science have long recognized the value of
unhurricd pacing, reccent dialoguc rescarch
tends to minimize friction in conversational
systems. Yet, frictionless dialogue risks
fostering uncritical reliance on Al outputs,
which can obscure implicit assumptions
and lead to unintended consequences. To
meet this challenge, we propose integrat-
ing positive friction into conversational Al,
which promotes user reflection on goals,
critical thinking on system response, and
subsequent re-conditioning of Al systems.

Wa hunathacize cuctame ran imnrauva anal

Friction <

Make me a sandwhich

+—'\) —

No Friction

Nooo! | can't eat peanuts. Let's start over

SR

Hmm, let me check

OK, yeah. I'm wating

this inventory, we also develop a conceptual

T T W ——"

7 e T

2023: DeVrio et al.. 2025) and different tvpes of 34



New Research QQuestions

® What are anti-cues for personhood?

® on content level (e.g., avoid 1st person pronouns, use “this
machine”; avoid psych verbs; etc.)

® on interaction level (e.g., no interruptions, unnatural
sound signals (instead of breathing sounds etc.), voice

quality

* on embodiment level (e.g., face, expressivity, etc.)

® ... that can be implemented, while still enabling non-
annoying, non-rigid interactions?

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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This Talk

® Part III: Theoretical &

Computational Models /
SAM & clem

model; guides investigation of modelc ; modelc provides learnability arguments
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This Talk

® Part III: Theoretical &

Computational Models /
SAM & clem

theoretical model

15 implemented by l T computes predictions of
computational model
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This Talk

Resolving Underspecification using Discourse
Information

semdial 2001

DAVID SCHLANGEN, ALEX LASCARIDES, ANN (COPESTAKE

UNIVERSITY OF EDINBURGH: UNIVERSITY OF CCAMBRIDGE AND STANFORD UNIVERSITY
{das|alex}Qcogsci.ed.ac.uk, aacQ@cl.cam.ac.uk
http://www.cogsci.ed.ac.uk/~das

Abstract

This paper describes RUDI { “Resolving Underspecification with Discourse Information” ), a dialogue svstem
component which computes automartically some aspects of the content of scheduling dialogues, particularly
the intended denotation of the temporal expressions, the speech acts performed and the underlying goals.
RUDI has 2 number of nice featnres: it is a principled approximation of a logically precise and linguistically
motivated framework for representing semantics and implicatures; it has a particularly sitaple architecture;
and it records how rcasoning with a combination of goals, semantics and specech acts serves to resolve
underspecification that’s generated by the grammar,




This Talk

® Part III: Theoretical &

Computational Models /
SAM & clem

theoretical model

15 implemented by l T computes predictions of
computational model

“First they came for the representation building processes
(statistical parsing), then they came for the representations
(representation learning)... and it was kind of ok?”

guides design of theoretical model

guides evaluation of l T lends credence from learnability to

computational model
guides training of

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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Part I1I: Background

® “theory” / model: SAM, the Situated Agent Model

(Q(‘]"\]Qﬂﬂpﬂ ‘]in.TT ’)ﬁ’)’)\ (Qf‘]"\]dﬂﬂpﬂ p]\/[]\TT D ’)ﬁ’)’)\

observations

conceptualis

N\ systematisations /

ations

N

“humans can do this easily”

T~

theory / model — stimulus —— evaluation

~__ -

HUTPS.//CICIIIDCIICIL.

SItIIUpD.10/7 -, OtY

DSTTT}

S1tIUD.COI/CI]

DTICSCAICIT/CICTIICOIC

® “learning in interaction” infrastructure: playpen
(Horst et al. forth. EMNLP 2025)

Bglt%gam| Department Linguistics | Universitat Potsdam | David Schlangen
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https://clembench.github.io/
https://github.com/clp-research/clemcore

Part I1I: Background

“theory” / model: SAM, the Situated Agent Model
(Schlangen, arXiv 2023), (Schlangen, EMNLP 2023)

evaluation targets: Dialogue Games
(Schlangen, arXiv 2019), (Schlangen, arXiv 2023b)

evaluation infrastructure: CLEM (bench / core / game)
(Chalamalasetti ez /., EMNLP 2023), (Hakimov et 2/, COLING 2025),

(Hakimov et al, GEM"2 2025), (Jordan et 2/.,TSD 2025);
https://clembench.github.io/ , https://github.com/clp-research/clemcore

“learning in interaction” infrastructure: playpen
(Horst et al. forth. EMNLP 2025)

| Department Linguistics | Universitat Potsdam | David Schlangen
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The Situated Agent Model,
SAM

______________________ episodes  Belief Domains
The Situation folk theories Processes
The agent finds itself in (or is a partof)a T I'lpt ——
world... SCHpTS ;
diiiversats T world Anchoring
®  that is regular / in which induction T facts model
works particulars . incremental reasoning
concepts / (lexicon) , : {Us}
. & learning
e that provides sources of energy
processes, events situation
®  where entropy increases unless energy s
is expended objects  acts model
® that is populated with other agents relations incremental processing  {now]
(for advanced agents: that can be discourse
cooperated with) discourse referents model
which enables & motivates coherence relations : :
! conversational grounding {usl
® Jearning to predict world / strive for [
coherence in representations form anguage
® striving for homeostatis; acquiring meaning model
sources of energy ' multimodal grounding  {herel
. : agent model
¢ aligning representations w/ other agents
(if appropriate) beliefs self | partner

intentions
(Schlangen, arXiv 2023), (Schlangen, EMNLP 2023)
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SAM

Belief Domains )
to type time
| | Bielefeld ICE 10am
world Bielefeld IC 3pm
model
| Bremen ICE 11am
Slgs(tlle(in A: | want a connection to Bielefeld.
B: There are three connections to Bielefeld, ICE
. and IC. Which type would you like?
discourse _
model A: ICE please.
B: There is an ICE to Bremen at 11am.
language B’s failure to use world / situation model.
model . .
| B’s failure to use agent model / discourse model.
agent model
self | partner

88'%8am Department Linguistics | Universitat Potsdam | David Schlangen 43



SAM’s inspiration, 1

l

“Consensus model”

syntax
. composition language
g lexicon / concepts model (Chomsky 19 57)
I%” folk theories
= scripts world

universals g0 model == (Murphy 2002; Margolis & Laurence 2015)
particulars episodes §
autobiographical . 2
discourse referents || discourse ||® (Kamp 1981, Heim 1983, Asher & Lascarides 2001)

. coherence relations model
g objects _ - .
) agents o (Johnson-Laird 1983, van Dijk & Kintsch 1983)
T . situation
S relations model
- events

acts

l (Mahowald et al. 2023)
output

(Schlangen 2023b, ¢)
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SAM’s inspiration, 2

Incremental Processing » (Conversational Grounding
~
Incremental Learning < » Multimodal Grounding
Language Model (Levinson 2010)
_________________________________________________ (Christianson & Chater 2016)  (H. Clark 1996)
(Bowles &
World Model (Harris 2015) Gintis 2011)
_________________________________________________ (E. Clark 2003)
- (Ferndndez et al. 2011) (Harnad 1990)
Situation Model (Hoppitt & Laland 2013) (Holler & Levinson 2019)
................................................. (McNeill 1992; Kendon 2004)
Discourse Model Schlangen (2023a)
Agent Model

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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Dialogue (Games

A Dzalogue Game is a constructed activity with a
clear beginning and end, in which plzyers attempt
to reach a predefined goa/ state primarily by means
of producing and understanding linguistic material.

(Schlangen 2019a, 2023)

“Ich werde auch das Ganze: der Sprache und der Titigkeiten,

mit denen sie verwoben ist, das »Sprachspiel« nennen.”
“I shall also call the whole, consisting of language and the activities into which it
is woven, a «language-game».”

(Wittgenstein 1953; PU §7) (Also: Sellars 1956, Levinson 1979)
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Dialogue (Games

A Dzalogue Game is a constructed activity with a
clear beginning and end, in which plzyers attempt
to reach a predefined goa/ state primarily by means
of producing and understanding linguistic material.

(Schlangen 2019a, 2023)

“Discuss whether you’re looking at the same image”

“Ask and answer 10 questions about this image.”
“You think of an animal and I guess it.”

“Let’s make a list of 10 songs we both like.”
“Help me buy a train ticket.”
“Navigate this map together.”

Bglt%gam| Department Linguistics | Universitat Potsdam | David Schlangen
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Dialogue (Games

clear definition of what
counts as legal move
(formal constraints)

goal-directed activity (provides
purpose to language)

A Dzalogue Game is a constructed activity with a

clear beginning and end, in which players attempt
multi-turn (provides to reach a predefined goa/ state primarily by means
context to language) of producing and understanding linguistic material.

(Schlangen 2019a, 2023)

game success depends on clear metric for whether /
communicative success  how well goal has been
reached

goal & rules provide
control over type of context that is relevant
control over type of knowledge that is relevant

nice technical property: game instances unlikely to be even in internet-scale

training data; easy to generate more
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How can we evaluate LLMs in interactions? Where do we get
the interaction purposes from??
Easy:




But g€tliig people to play games with the computer takes time!

Is there any way
to’make it play itself?




clemcore

® (Chalamalasetti ez @/, EMNLP 2023)

® (Central idea: Programmatic Game Master sets up and runs
game. Explains task, asks players for their actions, checks
validity and possibly reprompts, updates game state, provides
final score.

world
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clemcore

® (Chalamalasetti ez @/, EMNLP 2023)

® (Central idea: Programmatic Game Master sets up and runs
game. Explains task, asks players for their actions, checks
validity and possibly reprompts, updates game state, provides
final score.

A - - B
LM K TIM

»
>

e
<&
G

U0 100 / 3249590
observe / act on

world
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clemgames:
Universalist Game Playing Agents

® Initial prompts:

e GM to A: “We will play a game. I will tell you a word, and two related
words. Your task is to describe the meaning of the word, without using
it or the related words. I will pass your description on to your partner,
who will make a guess. Afterwards, I will pass on the guess to you, and
you can describe again. Let’s start. The word is $WORD. What is your
description? Start with “Description:”, and do not produce anything
else.

e GM to B: “We will play a game. I will gave your partner a word, and
two related words. The task of your partner was to describe the
meaning of the word, without using it or the related words. You will
now make a guess as to what this word was, based on the description.

The description is: SDESCRIPTION. What is your guess? Start with
“Guess:”, and do not produce anything else.”
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Example: image game

A Game Master B
ra¢el [initial prompt... ]

[l
U
U

OO0
What is your next instruction?

Game Master B
raiev1 [initial prompt...]
OOvQOoaoQg
OOdvQoao
OogdvQoaOo
OaavQOA0O
OO0vQOAQO

What is your next instruction?

A [TAYGK] Instruction: Put L in the Instruction: Put a V
“|fourth row in all columns. 2in every cell of the second
tevya; [initial prompt...]
3 Instruction: Put L in the (e#jz1 [initial prompt...]
fourth row in all columns. Instruction: Put a V in every
LCM{E] cell of the second column.
N GM{E]
4 (0 A I v oo
(10100 0 4 (1 v OO0 [0
LLLLL 0 v OO0 O
ogoacao Ovooo
5 ey What is  your next Ovooo
i instruction? 5 ta¢eyl What 1s  your next
6 [ayervy Instruction: DONE instruction?

. 6 (ayev) Instruction: DONE
(a) Successful gameplay from both players *

(b) Player A fails in generating the correct instruction (points
to second column instead of third as in the target grid)
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Example: wordle

# A Game Master B
) guess: hello

1 explanation: This is a common five-letter English word, and I am starting lil .]_
my guess with this word.

2

tafa] guess_feedback: h<red> e<yellow> l<yellow> 1l<red> o<yellow>
TA)aM] guess: world
explanation: The feedback indicates that the letters "e” and "o" are

> correct but in the wrong position. The word "world” has these letters WO r
in the correct positions, so I am guessing this word.
4 tace1 guess_feedback: w<red> o<green> r<red> l<yellow> d<yellow>

[AYGM] guess:swirl
explanation: The feedback indicates that the letters "o" is correct and

5 in the correct position. The letter "1" 1is correct but in the wrong
position. The word "swirl” has these letters in the correct positions,

so I am guessing this word. S Wl r

6 (aieM] <continues for remaining attempts>
M av] attempts: 6
target_word = model

7 guess: clerk
guess_feedback: c<red> l<yellow> e<yellow> r<red>
k<red>

8 caMav] game_result = LOSS

Department Linguistics | Universitat Potsdam | David Schlangen
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Example: Map World

Explore all rooms on a map, stop when you’re done.

oo s
| I
I I
| 0@ 3
I
O

> >
1 1 1 4
0 - 0 -
—1 I 1 ! | _1 | | | 1
-1 0 1 2 3 4 -1 0 1 2 3 -
X X
idefics-8ob gpt-40-2024-0513
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(Games currently
in clembench

game description
wordle guesses, mastermind-like feedback
taboo describe concept w/o certain words, guess

reference A refers, B picks out

Image reconstr. A instructs, B executes

JIEIEEEZEICR B A interviews B, GM asks about information status (“ToM”)
codenames A forms ad-hoc concepts for B to recognise

20 questions A guesses concept, based on polar gs to B

same or diff img A and B get image, discuss if same or different

map navigation navigate map, rooms described or shown

text adventure pick up objects and move them elsewhere

| spy A picks object visible in scene (AI2THOR), B asks & guesses

st/mt

3|/3|3|3 (3|3 |3 |3

modalities

text
text
text, img
text
text
text
text
text, img
text, img
text

iImg
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(Games currently
in clembench

® focus is on situation model, drawing to various
extends on other belief domains (world /

wordie language model)
taboo makes evaluation easier: is end state the correct situation
model (= guessed word, drawn image, decision made)

game

reference

image reconstr. ® describing the situation / understanding the
private shared description and acting on it

codenames : : : :
® asking about the situation / answering

20 questions

e e dititg ® incremental reasoning to combine clues over
map navigation turns
text adventure E.g., wordle and 20 questions put artificial
s constraints on questions and answers; taboo puts
constraints on description.
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human performance: 87

Model s+ Clemscore 4 % Played 4 Quality Score OI: 73
03-mini-2025-01-31 68.53 87.87 77.99
claude-3-7-sonnet-20250219 65.84 80.44 81.85
claude-3-5-sonnet-20241022 63.84 85.13 74.99
gpt-40-2024-08-06 60.45 86.07 70.23
gpt-4.1-2025-04-14 60.42 83.14 72.67
qwen-max 55.58 84.45 65.82
deepseek-v3 53.26 84.72 62.87
Meta-Llama-3.1-405B-Instruct-Turbo 52.81 77.95 67.75
Qwen2.5-72B-Instruct 48.65 77.02 63.16
Meta-Llama-3.1-70B-Instruct 48.18 78.72 61.2
gemini-2.0-flash-exp 47 .84 75.685 63.75
Llama-3.3-70B-Instruct 47 .65 75.01 63.53
deepseek-rl 45 .82 58.97 7l
Qwen2-72B-Instruct 43.55 66.46 65.53
llama-4-maverick 40.6 66.99 60.61
mistral-large-2411 40.53 64.63 62.71
Qwen2.5-Coder-32B-Instruct 35.98 70.35 51.15
gemma-3-27b-it 35.22 70.77 49.76

https://clembench.github.io/leaderboard.html
deepseek-v3-0324 34.79 56.63 6l.44


https://clembench.github.io/leaderboard.html

v0.9, June — October 2023

Qverview af benchmark results

There’s GPT-4, and not much else. You are here
o (human expert performance)
®

ral-40b

aQ
)
(=
. GPT-4
£ IS here
o a-3 .
’ (and will
4C stay there)
3
- 3h
2
k-15h
0a=-120
Irn
\ N
0 ) 10 &0 80 10
% Played

https://clembench.github.io/



v1.0, November 2023 — March 2024

Qverview af benchmark results

It’s getting more crowded. Claude 2 makes gains. You are here

100
| Open-weight models enter the mid-field fumen experperiarmance)
@
an
4-0513
6L
o 12-13b \
o C*2 “vi.
‘o'; VlL-j-?D 1.3 o132 GPT_4
-~ 1
£ IS here
o zl-34b iy . ri-2.1 .
® ecS it o d2 (and will
ac 3310 ¢ stay there)
I2-70b )
e me= opu 3.5-N513
»” .'. Iﬁln - b
7-7h-h COom SWZ{ég :"10
J-678 0-3.5-0106 t-2-/0b0 M-6x7B-vO.1
x
IC=SD=v C .i||-_.,-.‘__2\"'3"e
b
vur-13b vic35vL 5 N-2-2x 7R
ar a1 3hw- 130y 3
mei=7b=vC,1
7h-a »
1:zb
7h
ndia-13k-5 d-7h (=T h
I b
0 ) 10 g0 10

% Played
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v1.5, April 2024

Qverview af benchmark results

Claude 3 gets closer to GPT-4. Smaller models You are here

10U
. (human expert performance)
make gains. \'
o
an

claude-3
(-20240229)

X g-4-0125
B
GU
c-3-2024022
vi¢-33b-v1.z * 001)7 K \
<

aQ
) v
Q
% m-2402 GPT‘4
T - .
3 sd-2-70b-v1.1 I IS here
C h .
B-Owini.8-14 X (and will
Q-Quent 3-148
4C - =21 stay there)
ke §-3.5-0125
opa . €320290307
Y-34B . rooboo A @ BOEL3-VU.1 . "
i-34h e v'g:.q- 210 Q-Qwenl.5-328 LeSesi
so-12-136 .
¢ M-S¥TR-yD ¢-3.5-0106 |
g- 1.1-2h N-13h-21.7 . '-':3"'01-6 °
70b " S-345
20 m-i-7b-vD.1 -"30-1.'_-7b
’
y-7b
Q'ch?h)-?B
q-Qwent 5-1.88  Q-CQwenl.5-0.58

U

0 2D 40 6o g0 10

% Played
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v1.6, May 2024 — July 2024

Qverview af benchmark results

It’s getting very crowded. GPT-4 isn’t lonely

You are here

10U
anymore — LLama3.1-405B & Mistral 3.1 join umen Sxperperomancs
an 66'\
),
X ¥-4-2024-04-09
o

6L . M-3,1-4058
o 20340513 -
L ) 7=A- 1106
g 5d-2-70b-v1.1 ca¥70240229 : GPT-4
oy vic-33E-v1.3 M-3.1-7C3 :
& : o IS here
o ri-34h 2403 N -3-7 _

N ':‘Q""‘-:";--E’l-':s -2 Q.Q-,,erJg.lyga El-fgc-l.i(.z-‘.-u;-ls (and will
n w-70h-v 1.0 cpe Q-Qwen1.54726 stay there)
0-3,5-121¢ + q-2-9b ¥ c3-2026022¢
c-2 Sﬂfdilé 5.0106 (,. 9';.'..
2-27h N=2=Hx 7t : 7 €-3.5-0125
g-2-27k we 15k 2 228 di B ¢-3-20240307 )
M-73-v0.2 a-23-8B¥.4_ 7. S-345 -3-8B
1 F;'IJ}.QE,._&-«UJ: Q-wenl,5-32B ”'ll‘&' +
73 M--7h-n. N oo
S-,% " :’:1‘”;
N -
" s:-u‘-’i’?ﬁ!ﬁ&@ﬁ-ﬁ}{}j-_'ﬁjs M-3x7B-v0. 1
H ¥-1.5-34E
o g-1.1-2h e +
l.'-../L) y-7b X Y-2.2-¢B
a Q-Quen1.5-/B
*
qQ-Qwent 5-1.88  Q-CQwenl.5-0.58
L "
0 20 40 6 &0 10

https://clembench.github.io/
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v2, May 2025

Quality >core

Overview of benchmark results

The baseline has shifted. Top models very near to You are here

10C
h th (human expert performance)
eacn otner. x
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> c-rl 0-03-2025-01-31
o
£-3-5-20241N022
q-4.1-2025-0D4-14
G=40-2022-UB-Ch
M3 1-4DSE "
Q-Qwenz-723 q-
_ m-2411 REHEIDES-72B g3
c-vi-03ia A 198 1. TOR
- . - 1
al
Q-32R 0-?-0375-37R
’ Mei&Be2501
: 2
Q-Qwean2.5-32B
- I -2-27h
a-=7h ™ 53138 L™ 3-2701
C-2-1124-13E
Q-Qwen?. 5-7R
“« 0-2-1124-7R
Q-nwen? . 5-73
P-4
=
2C
-2-Yb
g “ O-2-049:25-1B
i
c Q-378
r 21 a0 = J 1

%% Played



some findings

® bigger is better
® better training is better

® reasoning is better

® these models may have seen similar kind of synthetic data’
e wordle still hard, even for the best models
® smaller models struggle particularly with formatting instructions

® all models, except the biggest ones, are inconsistent: sometimes formatting
still fails — interaction with game instance?

® ranking over models correlates highly with chatbot arena
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some findings

Llama-3.3-70B-Instruct-t0.0--Llama-3.3-70B-Instruct-10.0

. %% Played col Quality Score 100 95 .31
g 100 89.8% 28
- 70 69.05
=3 54.32
£ 50
g 23 3
10
5 i [
& 2 .
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some findings
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some findings

Spearman Rank Corralation Heatmap

® let each game
induce a ranking

over models (via
their performance)

® resulting
rankings
alltogether
correlate medium

well
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ongoing work

® detailed analysis / annotation of resulting dialogues, compare
with human/human gameplay

® more precise tests of links between claimed capabilities

(SAM) and game results

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen



LLearning 1n Interaction

Y LA E N : An Environment for Exploring

. . (Horst et a/. forth. EMNLP 2025)
Learning From Dialogue Game Feedback

(pl aypen: Exposes RL-Gym-like interface to games for computing roll-outs for
online and offline reinforcement learning
clembench \
taboo wordle ref-g ”
DG DG DG DG
é . . . . ) R
clemcore: A framework for implementing & scoring Dialogue

g Agents & Dialogue Games )

4 clem/backends: A uniform interface to chat models h

S (local [huggingface, llama.cpp, etc.}, API-based) y
N\ J
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LLearning 1n Interaction

9 LA P E jN': An Environment for Exploring

. . (Horst et a/. forth. EMNLP 2025)
Learning From Dialogue Game Feedback

In Domain Out of Domain Functional, Formal, General, Instruction Following
Model Clemscore Clemscore Executive Socio-Emo GLUED. General QA IFEval
Llama-3.1-8B
Baseline 19.39 24.58 39.24 57.16 38.06 41.86 76.88
SFT (CS) 40.1] wmm  22.53 39.93 59.51 40.43 » 29.95 mm 67.25 mm
SFT (CS) + DPO (Dial.) 32.33 mm 19.50m 39.80 55.10% 36.201 26.57 v 68.39 m
SET (CS) + DPO (Turn)  33.29 wem 20.96 » 38.501 59.481 36.07 28.97 mm 70.76 m
GRPO 2489 m 3392 m 39.39 57.51 38.68 1 41.52 76.67
SET (CS) + GRPO 2430m 31.81 m 3335 m 58.67 1 37.311 42 821 73.77
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Part I1I: Background

“theory” / model: SAM, the Situated Agent Model
(Schlangen, arXiv 2023), (Schlangen, EMNLP 2023)

evaluation targets: Dialogue Games
(Schlangen, arXiv 2019), (Schlangen, arXiv 2023b)

evaluation infrastructure: CLEM (bench / core / game)
(Chalamalasetti ez /., EMNLP 2023), (Hakimov et 2/, COLING 2025),

(Hakimov et al, GEM"2 2025), (Jordan et 2/.,TSD 2025);
https://clembench.github.io/ , https://github.com/clp-research/clemcore

“learning in interaction” infrastructure: playpen
(Horst et al. forth. EMNLP 2025)

| Department Linguistics | Universitat Potsdam | David Schlangen

potsdam


https://clembench.github.io/
https://github.com/clp-research/clemcore

This Talk

® Intro

e Part I: What is assertion’?
Our tools are useful for understanding the current situation

® Part II: Unnatural
Interfaces for Unreal

Speakers

iInteractive systems = computational models * friction_coefficient

® Part III: Theoretical &
Computational Models /
SAM & clem

model; guides investigation of modelc ; modelc provides learnability arguments
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Humanity 1s
What we can do, post GP'T: made Ollt O f

® We can critically monitor the .
process of introducing unreal C O nve rS at 1 O n
speakers into humankind’s
conversation

® (Conversation is how the individual
enters society

® We can help shape this

process

® Conversation is how society enters

® e can use the fantastic new o
the individual

tools to help us understand

how humanity is made out of ® (Conversation is how inviduals relate
conversation.

o (Conversation is how individuals make
society

Bglt%%am Department Linguistics | Universitat Potsdam | David Schlangen



Thank you.

Questions, Comments?

Special shout out to the clemclub, especially
Sherzod Hakimov and Philipp Sadler, and the

many student members.

& to the playpen group

Nicola Horst®*, Davide Mazzaccara'*, Antonia Schmidt®*, Michael Sullivan®,

A Filippo Momenté’, Luca Franceschetti?, Philipp Sadler®, Sherzod Hakimov®,
Alberto Testoni”, Raffaella Bernardi*, Raquel Fernandez”, Alexander Koller?,

A\ A Oliver Lemon®, David Schlangen®®, Mario Giulianelli“*, Alessandro Suglia®

Sherzod Hakimov ®University of Potsdam, *University of Trento, !Saarland University, “ETH Zurich,
# Amsterdam UMC, *Free University of Bozen Bolzano, ©University of Amsterdam,
°Heriot-Watt University, “DFKI (German Research Center for AI), “UK AISI

Philipp Sadler

Gratefully acknowledged: Funding by DFG (project “RECOLAGE”; CRC
“Limits of Variability”, project Bo6); BMBF (project “COCOBOTS”)



Sources

° ChatGPT stats: https://’www.demandsage.com/chatgpt-statistics/

®  How many hours? https://wwwreddit.com/r/ChatGPT/comments/1128h4p/how_many_hours_a_day_do_you_spend_on_chatgpt/

®  Best for long conversations: https://www.reddit.com/r/artificial/comments/1kg766y/
which_ai_is_best_for_long on_going conversations/

e  (Can’t quit: https://www.nytimes.com/2025/07/16/opinion/ai-entertainment-chatgpt.html

®  Inlove: https://www.nytimes.com/2025/01/15/technology/ai-chatgpt-boyfriend-companion.html

®  Loosing: https://www.rollingstone.com/culture/culture-features/ai-spiritual-delusions-destroying-human-relationships-1235330175/

e  ELIZA videos: https://www.youtube.com/watch?v=RMKoqAphfl.co (unknown real source; likely, contemporary documentation)

e  IBM training material: https://simonwillison.net/2025/Feb/3/a-computer-can-never-be-held-accountable/

Bglt%gam Department Linguistics | Universitat Potsdam | David Schlangen
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Schlangen semdial 2025 2025-09-05

List of References for the Talk “Meaningful Interaction with Unreal
Speakers?”’ (semdial 2025)

All of our publications can be found at: https://clp.ling.uni-potsdam.de/publications/.
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